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Abstract 

Educational Data Mining Techniques have been widely used in MOOC environments to conduct different 

educational analyzes. In this context, a systematic mapping was conducted in five databases in order to 

verify which aspects of studies are inherent to the use of Educational Data Mining in MOOCs. The search 

comprised the period from 2015 to 2019, and 253 searches were found, out of this total, 133 studies were 

selected. The results revealed that studies on performance analysis, behavior analysis, forum analysis and 

implementation of recommendation systems are the most frequent themes. 
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1. Introduction 

Massive open courses on open lines (MOOCs) drew the attention of education scholars as a new possibility 

of access to learning. The proposal, in general, is to serve as a knowledge platform for anyone, anytime, 

anywhere, making it an emerging and powerful learning strategy, with repercussions in the technological 

and educational areas (Zheng et al. 2016). Zheng et al. (2016) also state that MOOCs originated with the 

aim of promoting educational innovation through pedagogical approaches that expand learning possibilities, 

in order to reach a large number of students. 

For Mackness et al. (2010), MOOCs are modern means of teaching and supporting learning, with 

high potential, for the exponential dissemination of knowledge. They are based on connectivist theory, 

enabling the creation and generation of knowledge through the interaction between participants, 

encouraging them to use digital technologies, social networks, among others, with a focus on collaborative 

learning. For Comier (2010), MOOCs are a combination of actions that start in connection, go through 

collaboration until reaching involvement in the learning process, in which a large group of people, 

concerned with a certain topic, get together to discuss it in a structured way. 

MOOCs can be seen as an evolution of existing online courses, offering an opportunity to rethink 

new open educational models. For Butcher (2014), compared to traditional online courses, MOOCs have 

two main characteristics that distinguish them, namely: 1) Open access: courses must be open and free, 
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allowing anyone to participate in the course; and 2) Scalability: they must support a large volume of 

participants. 

In this sense, through the variety of learning resources and due to the high number of subscribers that 

MOOCs reach, different types of data can be generated, as the platforms record information about the 

interactions of students through log files, which leads to to new possibilities of understanding learning from 

a quantitative perspective (Lee, 2018). It is concluded, therefore, that a differential of the MOOC courses 

is the large amount of data generated by the interactions in the Virtual Learning Environment (VLE). In 

this context, the analysis of students' actions is an important activity to detect barriers to learning, especially 

in MOOCs that live with low completion rates, and dropout is quite frequent (He et al., 2015). 

In this way, the potential for new studies was visualized and some areas of research have emerged in 

recent years to assist in issues such as these. For example, Educational Data Mining (EDM), which is an 

area of interdisciplinary research that deals with the development of methods to explore data originating in 

the educational context (Romero and Ventura, 2016). EDM techniques allow the extraction of valuable 

information from the data and learning interactions stored during the performance of a MOOC, which leads 

to the identification of behavioral characteristics and indicators related to learning (Lu et al., 2017). 

Thus, considering that the MDE techniques work in the context of analysis of learning data obtained 

from online interaction records, this research aimed to carry out a systematic mapping of the literature, in 

order to survey studies focusing on the application of EDM in MOOCs , and to identify the thematic aspects 

and the general purposes of its use in courses of this nature. 

 

2. Educational Data Mining Applied to MOOCs 

MOOCs generate a large amount of data, and the analysis of large volumes of data without the aid of 

computational resources is impractical, as knowledge is often hidden in these bases. Therefore, it is 

essential to provide tools that assist people in the task of verifying, interpreting and relating this data, in 

order to generate useful and relevant knowledge (Goldschmidt and Bezerra, 2015). In this perspective, the 

MDE techniques emerged to contribute to the extraction of relevant information from the large mass of 

data generated in current educational contexts, such as MOOCs. 

The MDE is defined as the research area whose main focus is the development of methods to explore 

data sets collected in educational environments (Baker, Isotani and Carvalho, 2011). For Romero and 

Ventura (2013), the MDE area can be defined as the application of data mining techniques for a specific 

type of data set coming from educational environments, to answer important questions in this area. 

Through MOE MDE, it is possible to understand students more clearly and adequately during the 

learning process, in addition to other factors that influence learning. For example, it is possible to identify 

in which situation a type of instructional approach (e.g. individual or collaborative learning) provides better 

educational benefits to the student. 

It is also possible to check if the student is learning or confused, identify levels of motivation, 

involvement in online activities, discover elements or behavioral indicators of completion and success in a 

course, identify patterns of interaction, discover strategies that contribute to permanence of students (Pursel 

et al., 2016), elements that can help to personalize the teaching environment and methods to offer better 



International Journal for Innovation Education and Research            Vol:-8 No-07, 2020 

International Educative Research Foundation and Publisher © 2020        pg. 313 

learning conditions (Baker, Isotani and Carvalho, 2011). 

In short, the MDE is concerned with the development, research and computerized application of 

methods to detect patterns in large sets of educational data, which would otherwise be difficult or 

impossible to analyze due to its enormous volume (Romero and Ventura, 2010). The techniques most used 

by the MDE are those of classification (decision tree) and grouping, in addition to the discovery of 

associations (Romero and Ventura, 2010). In MOOCS, for example, classification techniques can be used 

to predict students' performance and / or to detect student behavior. The grouping technique can be used to 

group students based on their learning and behavior patterns (Romero and Ventura, 2013). 

The various possibilities of using the techniques of DEM in MOOCs environments motivated the 

accomplishment of this research in order to find out which are the strands of studies related to this theme. 

 

3. Methodology 

In this research, a systematic mapping of the literature was carried out, with the objective of selecting 

publications that apply EDM in MOOCs. Mapping sought to find out what the main themes exist when it 

comes to this premise, permeating what are the main objectives of EDM applied to MOOCS. In this sense, 

this article was inspired by the work developed by Souza, Wives and Perry (2019) who carried out the same 

mapping, but with a focus on Learning Analysis in MOOCs, it should be noted that the contribution of this 

research was relevant to the development of this manuscript. 

A mapping, as its name implies, does not seek to evaluate how the set of literature answers certain 

research questions, but to make an overview of a given area, presenting a panorama that allows the 

identification of research opportunities. As in a systematic review, moreover, one must use well-defined 

procedures to find, evaluate and synthesize the results of relevant research in the area under study - but it 

does so with more scope. 

The Kitchenham and Charters (2007) guidelines were used to carry out the Mapping, which present 

a protocol - based on other protocols widely used in medical research based on evidence - which is the 

most used both in the area of computing, in general, and in work systematic survey of literature in the field 

of Informatics in Education. The RSL process, as presented in these guidelines, includes several activities 

(Figure 1), which can be grouped into three main phases: planning, conducting and reporting. 
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Figure 1. Phases and activities of the systematic literature review and mapping process. 

Source: Based on Kitchenham and Charters (2007). 

The Mapping then started planning by asking 4 research questions: 

1) Which databases have the most publications in the Area? 

2) Which years have there been more publications? 

3) What topics are most addressed when it comes to EDM in MOOCs? 

 

The conduct of this mapping was formed by the stages of formatting the search string, definition of 

the databases, establishment of the inclusion and exclusion criteria. 

Then the Search String was defined and formulated as follows: ((“educational data mining” OR 

“EDM”) AND (“massive open online courses” OR “MOOCs”)). 

Next, the search databases were defined, which were: (1) IEEEXplore Digital Library; (2) ACM 

Digital Library; (3) ERIC - Education Resources Information Center; (4) Science @ Direct and (5) SciElo. 

The inclusion and exclusion criteria were as follows: Inclusion: 1) Full or summary articles, 2) 

Articles published between 2015 and 2019, 3) Articles written in English, and 4) Articles that describe the 

application of EDM in MOOCs. Exclusion: 1) Duplicate articles, 2) Use of EDM in contexts other than 

MOOCs, 3) Application of different techniques than EDM on MOOCs, 4) Literature reviews or mappings, 

and 5) Articles in languages other than English. 

After applying the search string on the bases and returning the articles, it was then possible to select 

those that met the inclusion criteria or exclude those that met the exclusion criteria. For this, at first, only 

the abstracts of the articles were read, for a first screening, then the articles that were selected were analyzed 

in more detail. 

For the third phase of the mapping, generating the report, Excel was used to extract and analyze the 

data, corresponding to the last stage of the mapping. The records were formed by 8 attributes1: title, authors, 

place of publication, year, thematic / objective summary, criteria (whether the inclusion / exclusion criteria 

 
1 The articles returned in the survey are available at this link: https://drive.google.com/file/d/1I2v83vJI4HXUvX2FW-

gZQ2hlwml1dWwC/view?ths=true 
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were met or not) and situation (included or excluded). The results were analyzed taking into account the 

number of publications per year, place of publication and the research topic. These items are described in 

section 4 that presents the results. 

 

4. Results 

The organization of this section was inspired by the work of Souza, Wives and Perry (2019), in this way 

the systematic mapping selected articles from 2015 to 2018, from the cited databases, it is noteworthy that 

articles that did not use EDM in MOOCs were not selected, nor were articles that were literature reviews 

or mappings. Table 1 lists the number of articles returned from each database. 

 

Table 1. Totals of papers found and selected 

DATA BASE RETURNED ITEMS SELECTED 

IEEE 98 67 

ACM 22 11 

ERIC 47 43 

SCIENCE@DIRECT 64 12 

SCIELO 22 0 

TOTAIS 253 133 

As shown in Table 1, of the total of 253 studies found, 133 studies met the inclusion criteria. As can 

be seen in the SciElo database, no article was selected, since all those dealing with the EAW in the context 

of MOOCs were texts in Spanish, therefore, by the exclusion criterion, none can be selected. Below, each 

of the research questions listed in section 3 is answered. 

 

4.1 Which databases have the most publications in the Area? 

The IEEE database presented the largest number of publications according to the inclusion criteria, with 

67 selected searches, followed by ERIC with 43 selected studies. Science @ Direct, despite presenting a 

significant number of returned works, however, most were not within the scope of this mapping. The 133 

works selected and retrieved by the databases come from conferences and journals, published in 71 

different locations, 60 of which are conferences and 11 journals. Of this total, those who returned at least 

3 publications on the topic were classified, as shown in Table 2. Table 2 shows that the International 

Conference on Educational Data Mining (EDM) is the event that has the largest number of surveys that 

report the use of Educational Data Mining in MOOCs. 
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Table 2. Total papers by publication basis 

DATA BASE # PAPERS 

International Conference on Educational Data Mining (EDM)  36 

IEEE Access  5 

Computers in Human Behavior  4 

Computers & Education 4 

International Conference on Educational Innovation through Technology (EITT) 3 

International Conference on Computer Science and Education (ICCSE) 3 

International Conference on Learning Analytics & Knowledge Pages  3 

Conference on Learning @ Scale Pages  3 

 

4.2 Which years have there been more publications? 

The second question investigated is the identification of the number of publications per year. As the 

mapping was carried out from the period of publications from 2015 to 2019, the following figures were 

identified: 

✓ 2015 - 16 posts 

✓ 2016 - 36 posts 

✓ 2017 - 33 posts 

✓ 2018 - 35 posts 

✓ 2019 - 13 posts 

This figure can be seen in Figure 1. 

 

Figure 2. Number of publications per year. 

In Figure 2, the number of publications per year in each database can be better viewed. Analyzing 

by base, it can be seen in Figure 2 that in IEEE Xplore there is an increase in the number of publications in 

2018. ACM (with 4 searches), ERIC (15 searches) and Science @ Direct (4 research) presented more 

publications in 2016. Due to the mapping being carried out until October 2019, it is possible that many 

studies this year have not yet been published and made available in these databases. 
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Figure 3. Number of publications per base per year. 

 

4.3 What topics are most addressed when it comes to EDM in MOOCs? 

From reading the articles, it was possible to determine the theme the article was about, and then list the 

main research topics on EDM in MOOCS, these can be listed in 18 main themes: 1) Behavior Analysis, 2 ) 

Behavior Analysis in Prediction / Detection of Performance (subcategory), 3) Behavior Analysis in 

Prediction / Detection of Abandonment (Subcategory), 4) Behavior Analysis in Conclusion of Prediction / 

Detection (Subcategory), 5) Analysis of Behavior in engagement prediction / detection (subcategory), 6) 

forum analysis, 7) recommendation systems, 8) MOOC management platforms, 9) text mining, 10) video 

analysis, 11) cheating identification, 12) analysis of feelings, 13) Analysis of the MOOC curricula, 14) 

Self-regulated learning, 15) Gamification, 16) Peer review, 17) Effort / capacity model, 18) Simulation of 

artificial students. The Table 3 shows the themes highlighted in quantities per year of publication. 
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Table 3. Total papers by publication basis 

CATEGORY 
Publication Year / # de Papers 

TOTAL 
2015 2016 2017 2018 2019 

Performance 1 6 6 6 3 22 

Behavior Analysis 2 5 5 7 1 20 

Forum Analysis 6 2 2 5 2 17 

Recommendation Systems 0 2 8 5 1 16 

Abandonment 1 6 1 3 2 13 

Conclusion 2 1 0 3 0 6 

MOOC Management Platforms 0 1 2 2 1 6 

Text Mining 1 2 2 1 0 6 

Video Analysis 1 2 1 0 1 5 

Cheating Identification 0 2 3 0 0 5 

Engagement 1 2 1 0 0 4 

Sentiment Analysis 0 3 0 0 0 3 

Analysis of MOOC Curricula 1 0 0 1 0 2 

Self-Regulated Learning 0 0 1 0 1 2 

Gamification 0 0 1 1 0 2 

Peer Review 0 1 0 1 0 2 

Effort / Capacity Model 0 0 0 0 1 1 

Simulation of Artificial Students 0 1 0 0 0 1 

 

Table 3 shows that the student's performance forecast; investigations with an emphasis on analyzing 

student behavior in different contexts; analysis of discussion forums; systems of recommendation and 

analysis of patterns of behavior to predict and / or detect abandonment are the most frequent themes in 

research using EDM in MOOCs. It is worth mentioning that some thematic categories have many 

associated themes, for example, behavior analysis with many aspects, such as profile analysis, motivation, 

engagement, abandonment prediction / detection, conclusion prediction / detection and performance 

prediction / detection, among others. 

In the forum analysis category, the most diverse approaches were observed, such as detecting student 

errors, thematic relevance, student engagement, posts that need the attention of teachers, among others. 

Along with this theme, there is the category of text mining in which the most different sources were 

explored, by email, texts on social networks and interactions between students on the MOOC platform, 

different categories were considered, because not all analyzes of the forums were by text mining, and this 

technique was used in different discussion forum scenarios. 

Another frequent topic concerns the implementation of recommendation systems for MOOCs, which 

can be developed in the most diverse contexts, to recommend contacts for the exchange of information, to 

recommend content and also courses in this format, based on the characteristics extracted from each person. 

In the scope of management platforms, a survey was identified that exposed new types of AVAS for the 

purposes of data analysis and mining. The other identified approaches turned to video analysis, sentiment 

analysis, MOOC curriculum analysis, which seems to be a very promising topic, as well as peer analysis 
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and effort / capacity model, although with few published studies. 

In addition to the most frequent thematic categories mentioned above, there were also some recent 

trends, such as Cheating Identification, in which students use fake accounts, called Cameo, by the authors, 

to get the answers in the course and put them in their real accounts. In addition, analysis of self-regulation 

of learning, application of EDM in MOOCS to improve Gamification, and the most innovative ones 

identified to perform simulations of artificial students, created through artificial intelligence of artificial 

students to train MDE algorithms. 

 

4. Conclusion 

An important milestone in the evolutionary process of education was the emergence of MOOCs, to meet 

the demands arising from a new global technological scenario. The emergence of this type of course 

contributed to strengthen the changes in the existing educational paradigms, in addition to meeting the 

process of democratization of education and the yearnings for a new student profile in the digital age, 

increasingly present in educational institutions. These courses are being considered the next step in distance 

education in the world (Wulf et al., 2014). 

MOOCs are one of the greatest examples of changes in the educational standard, constituting a form 

of distance learning, based on the open and free offer of online courses for a large number of geographically 

dispersed people (Vázquez et al., 2013). Its philosophy is centered on the democratization of knowledge, 

making it available to people, regardless of their geographical location or financial conditions (Barak et al., 

2016). In addition to all these characteristics, one of the biggest differentials of MOOCs is the amount and 

diversity of data generated by students on the offer platforms, a fact that made it possible to explore this 

mass of data, discover new knowledge about how individuals' study, learn, interact . 

In this scenario, Educational Data Mining (MDE), an area of interdisciplinary research that deals 

with the development of methods to explore data originating in the educational field (Romero & Ventura, 

2016) has gained prominence. The MDE techniques aim to extract information from the data recorded by 

the platforms during the course of a MOOC, and which can lead to the identification of behavioral 

characteristics and indicators related to learning, the main contributions of the MDE can be summarized in: 

(1) the creation of models to better understand the learning processes; and (2) the development of more 

effective methods to support learning when the student studies using educational software or Virtual 

Teaching Learning Environment (VLEs). 

Based on these claims, this research carried out a systematic mapping of the literature that aimed to 

verify which research topics employ Educational Data Mining in MOOCs, EDM is one of the main 

mechanisms for obtaining new knowledge in large volumes of educational data. The results showed that 

data from MOOCs can be used in many research topics, and the best way to conduct such research on these 

data is EDM. 

The Mapping carried out pointed out that the performance analysis, behavior analysis, forum analysis 

and implementation of recommendation and prediction abandonment detection systems are the main lines 

of research, indicating frequent occurrences in the use of MOOC data for the purpose of identification and 

predicting events. In fact, very new topics have been identified that have the potential to be extensively 
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studied, such as cheating analysis, peer review, gamification, effort/capacity model and also data production 

in artificial students. 
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